
5. Foster resource planning and 
cross-functional collaboration

Build a cross-functional AI team: Ensure collaboration between data scientists, 
information technology (IT) infrastructure teams, and security officers to integrate 
technical and compliance goals seamlessly.

Allocate resources strategically: Provide the necessary funding, hardware, expertise, 
and infrastructure to support your AI deployment and scaling journey.

Invest in team training and upskilling: Equip your workforce with the knowledge to 
manage AI environments effectively, focusing on best practices in security, MLOps, 
and infrastructure management.

6. Monitor, optimize,  
and iterate continuously

Monitor model performance in production: Establish systems to measure 
model accuracy, latency, and errors. Incorporate drift detection to ensure 
models continue to perform as expected under real-world conditions.

Track infrastructure metrics: Monitor power consumption, cooling efficiency, 
and network performance to optimize resource utilization.

Align infrastructure with operational needs: Regularly reassess whether cloud, 
edge, or hybrid models align with latency, cost, and operational objectives.

Leverage feedback loops for optimization: Collect user performance data and 
adjust AI models, workflows, and deployment strategies based on this feedback 
to improve relevance and efficiency continually.  1

Activation Checklist:  
Your Roadmap To AI Success

This checklist serves as a practical guide to implementing AI successfully—
covering foundational infrastructure, security protocols, team strategy, cost 
planning, and continuous monitoring. Following these steps will help your 
organization discover AI’s transformative potential while navigating obstacles 
with confidence.

1. Establish a strong 
foundation for success

Select an AI development launchpad: Leverage pre-configured environments like 
NVIDIA AI Enterprise Suite or other curated software ecosystems to accelerate 
prototyping and AI model development.

Adopt container-based microservices: Use microservices architecture with 
containerization (e.g., Docker, Kubernetes) to modularize AI applications for scalability, 
ease of deployment, and seamless testing across environments.

Implement MLOps best practices: Automate and streamline machine learning 
lifecycles using CI/CD pipelines with tools like ML FLow, Kubeflow, Apache Airflow, or 
other orchestration technologies.

Choose compatible AI frameworks and tools: Evaluate tools that align with 
organizational objectives and model goals. Examples include TensorFlow, PyTorch, etc.

Use digital twin technology: Leverage platforms like NVIDIA Omniverse to create 
virtual models for validating infrastructure design before physical implementation.

2. Prioritize data security  
and privacy from the outset

Understand and align with regulatory requirements: Stay informed on evolving 
compliance standards like GDPR, HIPAA, and NIST guidelines to ensure models align 
with legal and ethical frameworks.

Implement strong data guardrails: Use encryption, anonymization, and access 
control mechanisms to safeguard sensitive information.

Establish a comprehensive data governance strategy: Define clear policies for data 
access, storage, sharing, and compliance to maintain transparency and mitigate risks.

Monitor for unauthorized access and breaches: Implement continuous  
monitoring and auditing practices to detect anomalies and prevent unauthorized  
use of sensitive data.

3. Start small and iterate
Pilot low-complexity, high-value use cases: Begin implementation with small, 
manageable projects, such as document classification or data summarization,  
to prove AI’s value.

Gather real-world feedback: Monitor how end-users interact with the application  
to identify opportunities for enhancement and business impact.

Measure success through time savings and productivity gains: Focus on tangible 
operational improvements like time savings, efficiency boosts, or unlocking new 
business insights rather than attempting overly ambitious projects from the outset.

4. Scale strategically  
and cost-consciously

Evaluate infrastructure and compute needs: Start with flexible cloud solutions, 
but prepare for transitions to hybrid or on-prem infrastructures as data volumes or 
compute requirements grow.

Plan for high-density computing: Account for modern AI server power 
requirements when designing infrastructure.

Design comprehensive cooling solutions: Address heat generation from both 
servers and high-speed networking components to maintain optimal performance.

Balance cost vs. performance: Regularly review AI workloads to determine whether 
cloud or on-prem deployments are more cost-effective while maintaining optimal 
performance.

Ensure security as you scale: Reinforce encryption, IAM access protocols, and 
compliance monitoring as infrastructure scales, ensuring security does not become 
a bottleneck.

Explore serverless computing for inference workloads: Consider serverless 
architectures for cost savings and efficiency in fluctuating AI demands.


